1. LECTURE 1

We consider second order ordinary differential equations (ODESs) involving boundary conditions,
given by
de o / ; iti = =
(1) Y= f(z,y,y") with boundary conditions y(a) = «, y(b) = f
T
and seek a solution y(z) for « € [a,b]. Boundary value ODEs have a more sophisticated existence
and uniqueness theory as compared to initial value problem. We omit this literature and instead

focus on methods for the approximate solution to boundary value ODEs when the cases where
solutions exist and are unique.

In this course we consider two conceptually different approaches to construct approximate solu-
tions within any prescribed accuracy. The first approach transforms the boundary value problem
into initial value problem(s), allowing approximate solutions to be computed using methods such
as from the class of Runge Kutta and linear-multistep methods; this approach is broadly termed
“shooting methods” and will be the focus of this lecture. The second approach involves explicit
discretization of the x variable, approximating the difference operators by matrices, and solving the
resulting system of equations. This second approach is more typical of methods used throughout
this course for boundary value partial differential equations (PDEs).

1.1. Shooting method for linear ODEs. Before considering a numerical method for computing
approximate solutions to ODEs we illustrate the principal of the shooting method for linear second
order ODE boundary value problems (BVPs) of the form

(2) y" = p(z)y’ + q(z)y + r(z) with boundary conditions y(a) = a, y(b) =

for z € [a,b]. From this boundary value problem we construct two initial value problems using the
same coefficient functions p(z), ¢(z), and r(z):

(3) y" =p(@)y’ +q(x)y +r(z) withb. c. y(a) =a, y'(a) =0
and
(4) y" =p(x)y +q(z)y withb. c. y(a) =0, y'(a) = 1.

These two IVPs can be solved within arbitrary precision using any of the standard numerical tech-
niques, such as Runge Kutta methods. From these two IVP solutions it is possible to construct an
approximate solution of the BVP (2) by taking a linear combination. Let y;(x) be an approximate
solution to (3), let y2(z) be an approximate solution to (4), and set y(z) = y1(z) + yy2(z). By
construction y(a) = « as required. To satisfy the second boundary value one needs y(b) = 8 =
y1(b) + vy2(b), which can be satisfied by selecting v = (8 — y1(b))/y2(b). This approach is effective
provided y2(b) is well separated from zero, allowing the BVP to be solved approximately by instead
solving two related IVPs.

1.2. Shooting method for nonlinear ODEs. Nonlinear BVPs cannot typically be transformed
into a pair of linear IVPs. However, a similar approach can exists. Rather than solving (1), one
can replace the right boundary condition with a user specified slope at the left boundary

) Ly

dx?
giving a parametrized solution, y(z;s), for each s. It then remains to find a value of s, say s*, such
that its parametrization matches the right boundary condition y(b;s*) =  within the specified
accuracy. For BVPs with unique solutions, the IVP satisfying y(b; s*) = /3 necessarily has the same
solution as the BVP we seek to approximately solve.
1

=y = f(z,y,y) withb. c. y(a)=a, y/(a) =,



Solving (1) has been reduced to solving for the s which solves ¢(s) := y(b;s) — = 0, a standard
root finding problem. This root finding problem is particularly tractable for IVPs that can be well
approximated numerically; specifically, ¢(s) must be a continuous function. Methods well suited
for computing the root of ¢(s) may include: the bisection method (provided ¢(s) changes sign) and
the Secant method. These root finding methods simply require function evaluation of ¢(s), which
can be well approximated using standard numerical methods for IVPs; however, it is worth noting
that though evaluating ¢(s) is straightforward, it may be computationally intensive. For an overall
computationally efficient solution to (1) we need a root finding method that requires few iterates.
Newton’s method is particularly efficient, quadratically convergent, when an initial estimate to the
root is available.

Newton’s method for ¢(s) := y(b;s) — 8 =0 is given by
" — y(bv Sn) B /B
ys(b; s™)
where y4(b; s™) is the derivative of y(b; s) with respect to s, evaluated at s™. The function ys(b;s)
is not readily available, but can be approximated as follows. Applying % to the ODE in (5) gives
yg = f:vfrs + fyys + fy’y;-

Noting that s = 0 due to x being independent of s, applying % to the initial conditions in (5),
and setting z(z;s) = ys(x, s) for ease of notation gives an additional second order IVP

d*z

3= 2 = @ y(wss)y(@;8))z + fy (0, y(s ),y (255))2]

(7) with boundary conditions z(a) =0, 2'(a) = 1.

(6) Sn+1 —

It is important to note that the coefficients fy(z,y,y’) and fy(x,y,y’) require both the user to be
able to compute these derivatives of f(z,y,%’), and require an approximate solution of y(z; s) and
y'(z; s) for each value of x used in computing the approximate solution to (7).



2. LECTURE 2

2.1. Finite difference method for second order linear ODEs. We express the (2) linear
differential equation by

(8) L(y) = —y" +p(@)y’ +a(x)y = —r(z) withb. c. y(a) =a, y(b) =B
for x € [a,b]. The finite difference method begins by discretizing = using an equally spaced grid
h—
rj =a+jh with h:ni—i—i’ for j=0,1,...,n+ 1.

Let y; be our approximation to y(z;), we can approximate the differential operator L(y) with
suitable finite difference approximations to the derivatives. For a three point stencil (using just
three points per equation) we approximate

Yjir1 =2y tyi-1 1
y/l(xj): Jj+1 J j—1 —7h2y(4)(§7)

h? 12

and )
roo N Yitl "Y1 Lae (3)
y(ag) = BH_IE g2y )

The resulting approximation to (8) at x; is (after multiplication by %hQ)

(9) Ln(yj) = ajyj—1 +bjy; + ¢jyj—1 = —r(x;) for j=1,2,...n
where

1 1
(10) aj = —5 1+ th(xj)

L9
bj = 1+ §h q(xj)

1 1
and boundary conditions yg = « and y,4+1 = 3. The n unknowns, y; for j = 1,2,...,n, can then
be cast as a linear system of equation
(11) Ay = —r —ajae; — ¢, fe,
where: ey is the unit n vector with value e;(k) = 1 if £ = k and zero otherwise, r is the vector with
entries %hQT($]’), A is the n x n tridiagonal matrix with values b; on the diagonal for j =1,2,...,n,
a; on the sub-diagonal for j = 2,3,...,n, and ¢; on the super-diagonal for j =1,2,...,n — 1, and

y the vector with entries y;.

Our numerical method for solving for an approximate solution to (8) (on the grid z;) is now
cast as the solution of a linear system. The central questions to resolve for this method are:

e Does the linear system (11) have a unique solution?

e What is the computational cost of solving the system (11)?

e At what rate does the error max; |y(x;) —y;| converge to zero as h decreases to zero? (This
is referred to as the order of accuracy.)

To address invertibility we impose conditions on the ODE variable coefficient function g(x) to
have

(12) min ¢(z) = Q. >0
z€[a,b]

and that the stepsize is sufficiently small compared to the maximum of the coefficient function p(x)

2
(13) h < B where P* = rlg[fz]p(a:).
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The first condition ensure that the diagonal values in A are greater than one, b; > 1 + %h2Q*.
The second condition ensures that he sum of the off diagonal entries in A have magnitude 1,
laj| + |cj| = 1. Gershgorin disc theorem using these two facts tell us that the n eigenvalues of A
are contained in discs of radius 1 centred at b;. As b; are greater than one, the discs do not include
the origin, ensuring that zero is not an eigenvalue of A. Moreover, A is diagonally dominant, and
can be easily solved using Gaussian Elimination without need for pivoting. This later fact tells us
that a stable solution can be computed in order n operations. We have now verified that, with
the conditions imposed, the linear system corresponding to our method to solve an approximate
solution to (8) has a unique solution and can be solved efficiently.

It then remains to establish the order of accuracy for our method. We begin by noting the
truncation error for Lj; that results from the finite difference approximations to the differential
operator; simple Taylor series expansions show

_ 12
(14 Li(y(x) ~ Lly(;) =~ [19(€) — 2p(a)y® ()]

This shows that on the mesh z;, the solution to the ODE, y(z;) gives the same answer to differential
operator L and the finite difference operator Ly to withing O(h?). In order to establish that Yj is
close to y(z;) we also need to ensure that the finite difference operator Ly, is “stable.” We refer to
a finite difference operator Lj as stable with factor M if there exists a finite M such that

(15) ) < 81 fma (ol [ ]) + e ] |
J J
Noting that
Lnyj — Lpy(zj) = —r(z;) — Lpy(z))
(16) = Ly(z;) — Lpy(xy)

and using the truncation error bound (14) gives the bound

2
(17 1Ly — v = |Ly(es) — Dyoeg)| < 0 |y 9(65) — 200,05 )|

Consequently, if Lj, is M stable then using v; = y; — y(x;) in (15) gives

Mh? .
i) < g | mas [59@)]+ 2P mas [590)]].

proving second order approximation rate for the method.

It then remains to show that Ly is a stable operator. To prove this we recall that the operator
satisfies

1
bjyj = —ajyj—1 — ¢Yj+1 + §h2Lhyj
The right hand side can be bounded from above by using the triangle inequality, noting that under

the conditions (12) and (13), that |a;| + |c;| = 1, so taking the max over j on the right hand side
gives the upper bound

1
1bjy;] < max ly;| + 5712 m?X\Lhyjl-

The left hand side can be bounded below by (1 + %hQQ*)||yj| for each 7, and consequently is also
true for the j where the max of |y;| is achieved. The resulting bound

1 1
(14 5h?Qu) max [y;| < max |y;| + oL max | Lny;],

can be rearranged to

1
max |y;| < = max |Lyy;l,
J Qs J
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and hence Lj, is stable with factor M = @Q;'. Combined with our prior analysis we have proven
that the solution to our finite difference approximation is a second order accurate approximation
to the true solution.



3. LECTURE 3

In this lecture we consider finite difference methods for nonlinear BVPs.

3.1. Finite difference methods for nonlinear BVPs. We return to nonlinear second order
BVPs (5), here written as

(18) L(y) = —y" + f(z,y,9) =0 with b. c. y(a) = a, y(b) = 3.

Nonlinear Truncation Error Let us derive a finite difference method for its approximate
solution. We begin by replacing the differential operators with finite difference approximations,
here keeping to a three point stencil.

L — O - e
(19) Lh(yj):_yj+1 Ui Y +f<xj,yj,yj+1y]1) for 7=1,2,...,n

h? 2h

with boundary values yg = « and y,+1 = . The finite difference operator acting on the approxi-
mate solution y; is within O(h?) of the finite difference operator acting on the true solution on the
corresponding mesh, y(z;). This truncation error is given by:

Lpy(x;) — Lpy; = Lay(z;) — Ly(z;)
__yzin) —2y}§§j) +y(zj-1) " (2;)
o f (ot M) (o) ()
= %th(‘” (&) + éhgfy’ (5, y(x;), 9/ (2))y™ (n;)
(20) = P[0 + 24y ). o @)D )]

where the f,, notation indicates partial derivative of f with respect to its third argument, and the
equality is determined by using previous differences of the differential and difference operators. It
now remains to show that a) the operator is stable so that max; |L,y(x;) — Lyy;| being proportional
to O(h?) implies that max; |y(z;) — y;| is similarly second order in h?, and b) to show that the
finite difference system (19) has a solution, which we are able to find using standard root finding
techniques.

Nonlinear Stability We have shown a second order truncation error (20) for the finite difference
scheme (19). In order to show that max; |y; —y(z;)| is of the same order as the truncation error we
repeat a stability analysis of the finite difference operator Lj(-). When considering linear operators
the notion of stability was given in terms of a single vector (15); here the non-linearity of the
operator requires a slightly more general definition of stability, given in terms of two vectors. We
refer to a finite difference operator L; as stable with factor M if there exists a finite M such that

(21) max luj —v;| <M {max(\uo — Vol |Unt1 — Uny1]) + InjaX|Lhuj - thj]} :

For linear operators Ly, the definition (21) recovers the prior definition (15).

We first establish that if Lj is stable, then the error is bounded by the truncation error. If Lj
is stable with factor M then

max ly; —y(z;)| < Mmjax |Lnyj — Lny(zy)|
(22) = M max |Ly(x;) — Lupy(zj)|
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where the last equality uses that Ljy; is defined to be equal to Ly(z;). The right hand side of
(22) is simply M times the truncation error for the finite difference operator, which for (19) we
have shown to be second order, O(h?). It then remains to show that Lj, is stable, under suitable
conditions on f(-,-,-).

In order to show stability of (19) we use vector Taylor series:
_ Uj+l — QUj + uj—1 n Vjt1 — 2Uj + V-1

Lhuj — LhUj = h2 h2
Ujr1 — Uj—1 Vjt1l —UVj-1
+f (xjvujv fhx 2% J )f<l‘javjv Chx o z >
= —h X (ujp1 — vjp1) + 207 (uy — vj) — B (ujo1 — vj-1)
+V | zj,u; + 0(v; — uy), o 2
2h
Vil — Vj—1 Uil — Uj1
0 J+ J Y J
* [ 2h 2h
Uj41 — Uj—1 Vj+1 — Vj—1
'<0,Uj—vj, J 2h] 2 th >
= —h " (uji1 — vjp1) + 202 (u; — vj) — h % (wjo1 — 1)
Ty, &5, m5) (uj — vj)
Lo (25, &5, m5) (2h) " (i — vjg1 — uj—1 + vj—1)
(23) = aj(uj—1 —vj-1) + bj(u; —v;) + ¢j(ujr1 — vjt1)

where &; and 7; are for some 6 € (0,1) and

(24) aj = —h7*—(2h)"" fo(xs, &5, m))
b; = 2h7*+ fy(z;,&,m5)
c; = —h72+(2h)71fz(x])£]7n])

To bound |Lpuj — Lyvj| we first rearrange the final equality in (23) to

(25) bj(uj —vj) = —a;(uj1 —vj-1) = ¢j(ujp1 = viy1) + Lnuj — Lyvj.

Before computing the desired bound we impose two conditions on the differential equation, similar
to those used in the stability analysis of (9). Imposing that max|f,|] < P* and h < % gives
la;| +|c;| = 2h~2 and imposing that min f, > Q. > 0 gives b; > 2h~2 + Q.. Taking absolute values
of (25), apply the triangle inequality, and maximize over j gives

(26) (2h% 4+ Q.) max luj —v;| <22 max luj —vj| + max |Lpuj — Lyvj|
which can be simplified to

max |uj — vj| < Q5 max |Lypu; — Lyvj|
J J

which is our desired stability bound with factor Q;!. Having established the stability factor and
previously the second order truncation error proves that the error, max;|y; — y(x;)| for the finite
difference approximation (19) is of order h?.



4. LECTURE 4

In this lecture we continue our analysis of finite difference methods for nonlinear BVPs, showing
that the nonlinear system has a unique solution, and proving a method to solve for the solution
without knowledge of a good initial guess.

4.1. Iterative method for solution of nonlinear systems. At this stage we have a finite
difference method (19) whose solution we have shown is within order h? of the solution to the
nonlinear differential equation (18). However, we have not shown that a) the nonlinear system
(19) does in fact have a solution, and b) if it does have a solution we have not given a method by
which we can find (approximately) its solution. We address both of these issues simultaneously by
considering the iterative algorithm

m+1 R m m Yit — Y
(27) y; =1+ w) 5(%’-1 + i) Twylt — 7f T Yis =op—

where the superscript is an iteration counter, not a power. This iteration is arrived at by solving
(19) for y; from the second order differential operator approximation, then adding wy; (for some
w # 1) to both sides of the equation, dividing by (1 + w), and adding iteration counters of one
degree less on the right hand side than on the left hand side. We can further condense this iteration
as

(28) Y™t = g(y™)

where y™ is the vector with entries y;" forj =0,1,...,n+1. We now wish to show a few properties of
the iterations y"": first that they converge and second that they converge to something that satisfies
y = ¢g(y) which necessarily implies that the limit is a solution to the finite difference method (19).
In order to show these we need to establish that g(-) is a contraction; that is

lg(w) = 9(v)lloo < Aflu = vl

for some 0 < A < 1. This analysis is similar to the stability analysis for (19). Letting g(u); denote
the j* entry of g(u), then

2

h2 Uj4+1 — Uj—1 Vj+1 — Vj—1
(0 (e B ) s (s

2

o h
= —(14w) 15 [aj(uj1 —vj—1) + ¢j(ujp1 — vj41)

(29) + (b = 2072 (1 + w)) (uj — vj)]

with a;, b;, and ¢; defined as in (24), though with some other §; and 7;. As in the stability analysis
we impose that max |f,| < P* and h < 2 gives |a;| + |¢j| = 2h72 and (using a bound from above
instead) impose that Q. < min f, < Q* gives 2h™2 + Q. < b; < 2h~2 + Q*. Moreover, we impose
that w > %hQQ* so that |b; — 2h72(1 + w)| = 2h72(1 + w) — b; > 0. Then, applying the triangle
inequality to the last equality in (29), and taking the max over j we obtain

132
l9(u) = g(o)lloe < (1 i Q*) o — vl

g(u); —g(v); = (1+w)™ [1 ((uj—1 = vj—1) + (U1 = vi1)) + wlu; — vy)

1+w

which proves that g(+) is a contraction with factor

AMw) == (1 — yﬁ@*) <1

1+w
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for w > %hQQ*. Unfortunately A(w) = 1 — O(h?) causing the contraction to occur impractically
slow for h small. Even so, this is enough to establish the conditions we sought.

Using y™*! = g(y™) and the contraction principle it is easy to show that [y? — y9|lec <

@)\mi“@’q) and consequently that the sequence is a Cauchy sequence. This implies conver-
gence to a limit point that satisfies y = g¢(y). Moreover, the limit point must be unique by
the counter examples that if y and ¢ are solutions that |y — g| = |g(y) — g(9)] = Aly — g| for
A < 1, which is a contradiction, hence proving that the limit is unique. Lastly, the error satisfy
ly™ —y| = |g(y™ 1) — g(y)| < Aly™ ! —y|, giving a linear convergence rate, though with the factor
A which is close to one. Although this iteration is impractically slow, it has the advantage that
convergence is guaranteed to within arbitrary precision for any starting guess.
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5. LECTURE 5

In this lecture we consider the Poisson Equation, a linear boundary value PDE. Proof of con-
vergence for our approximation involves a refined version of the previous stability analysis, with
this approach more adaptable to complex domains.

5.1. Poisson Equation. We define the Poisson Equation as
(30) L(u) = Ugg + Uyy = f(x,y) for (m,y) SRY)

and, for the moment, with Dirichlet boundary conditions u(z,y) given for (x,y) € 02 where 02
denotes the boundary of 2. We consider a finite difference approximation of L(u) using a three
point centered difference approximation of the second derivative in both x and ¥, resulting in a five
point stencil,

Ui 1k + Uik — 4k + Uj -1+ Uj k1

h2

for (x;,yx) € Q/0Q where (x;, yx) is a grid with ;41 —2; = yr41 —yr = h for all j, k. (For instance,
if Q = [a,b]? we can use z; = a + jh and yy = a+kh for h=1/(n+1) and j, k= 0,1,...,n+ 1;
however, we are primarily interested in being able to compute approximate solutions on more
complex domains.)

(31) Lyujp = = f(zj, yx)

Taylor series, as before, is sufficient to show that
Tk = Lnu(wj,yx) — Lpujr = (Ln — L)u(z;, yk)
1
(32) = ﬁhz (Uazwa (&5 ) + Uyyyy (T5, 1K) -

The equations (31) can be expressed as a linear system Au = f where rows of A have diagonal
entries —4h 2, the super and sub diagonal entries are typically =2 and depending on interactions
with boundary conditions a row will may have up to two additional nonzero entries with values
h=2. For (j, k) which correspond to a five point stencil that interacts with the boundary, we use the
boundary conditions and adjust the entries in f accordingly; otherwise the entries in f are simply
given by f(x;,yx). Typically the grid (j, k) is ordered using a Lexicographical ordering, ordering
(j,k) > (p,q) if j > porif j = p and ¢ > k. The resulting matrix A has only a small fraction of its
entries which are not zero, making it computationally efficient to compute matrix vector products
Az for some z. In later lectures we will use this property to design efficient methods for computing
approximate solutions to Au = f. Invertibility of A will be addressed in a later lecture.

We now introduce the mazimum principle, a technique to show that max;y [u(xj, yx) — ujr| <
Const.Tyar Where
Tmaz = MaX |7 k|
ak

and Const. is independent of h. The maximum principle uses a comparison function ®(x,y) de-
signed to allow us to analyse the error

ejk = u(Tj, Yk) — Wk

We will design the comparison function to have the properties that L®(z,y) = Ly ®(zj,y;) = C a
constant, and that ®(x,y) > 0. We then add a multiple of ®(x,y) to the error

bik = ek + a®(xj, yk)
for a > 0. Applying the finite difference operator Ly, to 1;; gives
Ly = Lejp + oL®(xj,y,) = 71 + aC.

If we select @ = C 717,40 We have that LYk = Tjk + Tmaz = 0. As Ly is taking the difference
of 1, and the average its four neighbours, Ly;, > 0 implies that v cannot exceed the max of
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the four neighbours used in Lp1); ;. This property is true for each j, k in which (z;,yx) € £/09.
Consequently the max of 1); ;, must occur at a boundary point
MRS oS Vi

For Dirichlet boundary conditions e;j, is zero on the boundary, so max; ;1 < max;, ®(z;, yx) =
®*, where the last equality is our definition of the max of ®(-,-). Moreover, as ®(z;,yx) > 0, we
have that

maxej < maxy;, = ad* = C 1" 0.

Ik Jk
An example comparison function suitable for this example is ®(z,y) = (x — 2.)%2 + (y — ye)?
where (z¢,yc) is a point such that max(, ,ycq ®(7,y) is minimized; for this comparison function
L®(z,y) = 4 and ®* = (a®+b?)/4 where Q C [z.—a/2, 2.+ a/2] X [yc—b/2,y.+b/2]. Implementing
these bounds gives

a? + b?
maxe;p <
gk 7 16

Repeating the above for ¢, = —e; 1, + ®(z;, yi) establishes that

Tmazx-

mine;; = max —e; < max;y < C o i

gk gk ak

which when combined with our prior bound gives the desired bound on the error
a? +v?

H;2X|€j7k| < TTmax = O(h2).
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6. LECTURE 6

In this lecture we return to the question of invertibility of the matrix associated with the system
of equations (31). We will also consider alternative finite difference approximations and the impact
of domains that do not align perfectly with a regular equispaced grid.

6.1. Poisson Equation: invertibility. For rectangular domains ) is is straightforward to repeat
the eigen-analysis of the matrix associated with the system (31) and to show that the eigenvalues
are bounded away from zero. Unfortunately this approach does not extend well to more general
domains where the eigen-functions of the Laplacian are typically unknown. Here we show that the
resulting matrix is invertible by employing a refined version of Gershgorin’s Disc Theorem.

Definition 6.1. An m x m matriz A is referred to as reducible if there exist sets I and J with the
properties that I\JJ =1,2,....,m, and I(J =0, with a;; =0 for alli € I and j € J. If A is not
reducible we refer to it as irreducible. Moreover, A is referred to as irreducible diagonally dominant
(IRDD) if it is weakly row diagonally dominant with at least one row being strictly diagonally
dominant.

Lemma 6.1. If A is irreducible then for each p and q there is a path from a, ;1 # 0, aj1 42 # 0,
- Ajq 7é 0.

Theorem 6.1. Let A be an m X m matriz with associated eigenvalue and eigenvector Ax = Ax
with ||z||oc = 1. Define D; :={z : [z —au| <3, lai]} fori=1,2,...,m to be the Gershgorin
Discs. Then X € D :=J"| D;. Moreover, if A is irreducible then if X is an eigenvalue of A on
the boundary of D, it must be on the boundary of each D;.

The first portion of Theorem 6.1 is proven as follows. As ||z||s = 1 there exists an ¢ such that
|z;] = 1. Then expanding the i** row of Az = Az gives (ay; — \)x; = >_jzi @ijz;. Taking absolute
values and bounding the right hand side of the equality using the triangle inequality gives

laz — A <Y laggllasl/ |2l < lag]
J# J#

with the last inequality following from |z;| < |z;| = 1 for all j. Lacking knowledge about which i
we have this inequality for we can only ensure that A is in the union of all such discs. The second
portion of Theorem 6.1 follows by noting that if A is on the border of D then it cannot be on the
interior of a disc D;, so if it is contained in a disc it must be on the boundary of that disc. Once
it is known that X is on the boundary of the i*" disc we know that both |a; — A| < > j4i laij| and
laii — Al = >, lai;| which is only possible if [z;[ =1 for j € {¢ : a; # 0}. Knowing more entries
in x where it achieves its max in magnitude allows for the discs of more rows of A to be considered.
If A is irreducible this process will continue to all all rows, concluding that |z;| = 1 for all 4, and
that A is on the boundary of each disc. This last property is particularly useful for the matrix
associated with (31) for Dirichlet problems, which are necessarily IRDD. Theorem 6.1 implies that
IRDD matrices are invertible as one of the discs will not contain the origin.

6.2. Rotated five point stencil. Poisson’s equation (30) was previously approximated (31) using
standard symmetric approximations to 4z, and u,,. In two dimensions there is greater flexibility
in the structure of the stencil, such as by rotating the stencil. For example, note the Taylor series
approximation of w;1; 41 about the point (x;,yx)

1
Uj+1k+1 = U + h(uz + uy) + §h2(u:px + 2uxy + Uyy)

1
+ 6h3(umx + BUgzy + Sgyy + Uyyy)

1
+ ﬂhél(umm + dugrry + Uy + Auayyy + Uyyyy) + O(hs)
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and

1
Ujr1 k-1 = u+h(ug —uy) + §h2(“azx = 2ugy + Uyy)

1
+ 6h3 (U:Cajx - BUCCIy + 3uxyy - “yyy)

1
+ ﬂh4(uzxxx — Mgy + Oy — Mgy + Uyyyy) + O(h°)
where unless otherwise stated u is taken to be at the point (x;,yx). From these approximations it

is easy to see that
372 Wittt et W1+ Uk — dugk) = T

where 7 = %(umm + BUgayy + Uyyyy) + O(h*). Though this finite difference approximation
of Uy + uy, differs from that in (31) and they have the same order, it isn’t possible to make a
combination of them which is of a higher order due to the cross term wu;syy in 7, which isn’t
involved in the truncation error of the non-rotated five point stencil.

6.3. Domain boundaries which do not align with equispaced grids. In this subsection we
return to the stencil used in (31). For points (x;,y) which are further than h from the boundary
the stencil contains all five points. If the point (z;,yx) is a distance h from the boundary 052
then one or more of the stencil values will be on the boundary, which for Dirichlet boundary
conditions will be reflected by the row of the associated matrix having one or more of the non-
diagonal entries missing (represented on the right hand side of the linear system); such a row will be
strictly diagonally dominant accounting for the matrix being IRDD and invertible as shown in the
prior lecture. However, if (z;,yx) is closer to a boundary than h in either the x or y direction the
approximation in (31) will need to be modified accordingly. Consider for instance a point (z;, yx)
for which (41, yx) is not in the interior, but the other stencil values are contained in the interior
of Q. It is then necessary to compute an approximation of us, from u;_jx, u;, and uj g for
some 0 € (0,1) corresponding to an approximation at (z; + 6h,yx);

a1k + Pujr +Yujrer = (a4 B+ 7)ujk
1
+  (v0 — a)hu, + (v0* + a)ihzum

(0% — a)%h%m +(O)(hY),

The highest order approximation of wu,, is achieved by setting o + 5+ ~v =0, v — a = 0, and
v6? — o = 2h™2; giving
. . _ -1 X -1,,. —1 -1,,.
Ujpr1 + Ujr—1— 20+ 07wy +2(0+60) " uj1, + 207 (1 +60)  ujion
h2
1 2

Note that the prior stencil and second order accuracy is recovered if 8 is equal to one, but reduces
to first order in h otherwise; with € = 1 for some point required if the boundary 92 does not align
with the equispaced grid.

1
= Ugz + Uyy + Eh%yyyy -

In the associated linear system the weighted point ;¢ ) would be moved to the right hand
side of the equation as a known value, resulting in a system that is strictly diagonally dominant
with the origin being 20~1(1+60)~'h~2 away from the Gershgorin disc for the associated row of the
matrix. This ensures that the system is strictly diagonally dominant for at least one row, and the
connected stencil ensures the matrix is irreducible, ensuring that the linear system is invertible.
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